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Motivation

 Model Analysis and Reasoning using Graph-
based Interpretabllity

e a posteriori interpretability

* Broad applicabllity
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Case Study 1

Prototypes and Criticisms

Domain
Nodes
Function
Output

Complete Dataset
Samples
MMD (Global, Local)

Sample sub-selection



Case Study 1
Prototypes and Criticisms
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(a) Training with prototypes. (b) Training with criticisms.



Case Study 1
Prototypes and Criticisms
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(c) Selected Samples




Case Study 2
Explanations for Image
Classification

Domain Single Image
Nodes Explanations
Function  Sparsity
Output Saliency maps



Case Study 2
Explanations for Image
Classification

MARGIN Scores for Explanation
Sparsity function



Case Study 2
Explanations for Image
Classification
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Detecting Incorretly Labeled

Domain
Nodes
Function
Output
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Case study 3
Detecting Incorretly Labeled
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(a) Detecting label flips in the Enron dataset (Met-
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(b) Examining the incorrectly labeled samples

with their influence score.
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Case Study 4

Interpreting Decision Boundaries

Domain
Nodes
Function
Output

Complete Dataset
Samples

Local label argeement
Confusing samples
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Case Study 5
Characterizing Statistics of
Adversarial Examples

Domain Attacks/Noisy samples
Nodes Noisy Samples
Function MMD (Global)

Output Attack statistics
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Case Study 5
Characterizing Statistics of
Adversarial Examples
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Summary

» Fast, flexible approach

* Requires manual selection of graph and
function
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